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The Phoenix Islands Protected Area (PIPA), one of the world’s largest marine protected areas,
represents 11% of the exclusive economic zone of the Republic of Kiribati, which earns much of its GDP
by selling tuna fishing licenses to foreign nations. We have determined that PIPA is a spawning area
for skipjack (Katsuwonus pelamis), bigeye (Thunnus obesus), and yellowfin (Thunnus albacares) tunas.
Our approach included sampling larvae on cruises in 2015–2017 and using a biological-physical model
to estimate spawning locations for collected larvae. Temperature and chlorophyll conditions varied
markedly due to observed ENSO states: El Niño (2015) and neutral (2016–2017). However, larval tuna
distributions were similar amongst years. Generally, skipjack larvae were patchy and more abundant
near PIPA’s northeast corner, while Thunnus larvae exhibited lower and more even abundances. Genetic
barcoding confirmed the presence of bigeye (Thunnus obesus) and yellowfin (Thunnus albacares) tuna
larvae. Model simulations indicated that most of the larvae collected inside PIPA in 2015 were spawned
inside, while stronger currents in 2016 moved more larvae across PIPA’s boundaries. Larval distributions
and relative spawning output simulations indicated that both focal taxa spawned inside PIPA in all 3
study years, demonstrating that PIPA is protecting viable tuna spawning habitat.
Tropical tunas are extremely valuable worldwide as a source of protein and income. Skipjack tuna alone provide
approximately 50–60% of annual global tuna catches1. Pacific island nations earn a large proportion of their gross
domestic product (GDP) from tuna, many by selling fishing licenses to the commercial fleets of foreign nations
to operate in their exclusive economic zones (EEZ)2. One of these island nations is the Republic of Kiribati, which
comprises 34 islands with a total land area of 810 km2 and an EEZ of 3.5 million km2, across 3 archipelagos that
span 4.7°N to 11.4°S and 150.2°W to 187°W: the Line Islands, the Phoenix Islands, and the Gilbert Islands. For
this low-lying ocean nation, tuna fishing by foreign commercial fleets is incredibly important to the economy: for
example, from 2006 to 2015, fishing license revenue represented 39.5% of GDP on average, ranging from 19.2%
to 93.5%3,4. Some of the variance in fishing license revenue can be attributed to the El Niño Southern Oscillation
(ENSO) cycles. El Niño conditions tend to cause skipjack tuna, which dominate the catch in Kiribati waters,
to move from the western Pacific warm pool into the central Pacific, and particularly into the Phoenix Islands
region5,6. The year of highest contribution of fishing licenses to GDP, 2015, was an El Niño year, and Kiribati
reported fishing license revenue of USD 148.8 million3.
Despite heavy reliance on tuna license revenues, approximately half of the Kiribati EEZ in the vicinity of the
Phoenix Islands archipelago—and 11.3% of their total EEZ—is currently a no-take marine protected area (MPA)
with UNESCO World Heritage Designation. The Phoenix Islands Protected Area (PIPA) is one of the largest
marine protected areas in the world at 408,250 sq. km. Created in 2008 as a mixed-use MPA, and closed entirely to
all commercial extractive activities in January 2015, PIPA comprises 8 atolls, 2 shallow submerged banks, at least
14 seamounts, and a large area of deep ocean7,8. This MPA was established to protect the many endangered and
endemic species that live within its boundaries, as well as to protect the migratory birds, mammals, and sea turtles
that pass through the area. Populations of previously exploited species, such as giant clam and coconut crab, have
been recovering since the establishment of the MPA8.
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Figure 1. Map of sampling locations. For the cruises in 2015, 2016, and 2017, locations of all samples included
in these analyses are shown. Bathymetric contours are shown at 1000, 3000, and 5000 m depth (accessed
through GEBCO). The inset map shows the location in reference to Australia and the island of New Guinea. In
both the main plot and the inset, the solid black line shows the boundaries of PIPA.

In addition to biodiversity goals, the PIPA Management Plan lays out the hope that, if well-enforced, PIPA
may protect tuna breeding stocks and potential spawning grounds. Although enforcing a no-take policy in an area
the size of PIPA can be difficult, Automatic Identification System (AIS) data from ships indicates that virtually all
fishing activity did indeed stop after January 1, 20157,9. Furthermore, detected fishing days in (non-PIPA) Kiribati
waters from AIS data actually increased from 2014 to 2015, indicating that fishing vessels moved out of PIPA but
continued to fully subscribe fishing permit days for use in other parts of the Kiribati EEZ6,7. With effective enforcement inside PIPA, but heavy fishing pressure outside9, there may be value in protecting tuna spawning grounds,
and potential for regional economic gain via “spillover effects” that may materialize once the closure has been in
place long enough. Spillover effects occur when time- and/or area-closures result in increased biomass around
MPA margins, which then moves outside the protected area where it can benefit regional fisheries, and these effects
have been detected across a number of taxonomic groups and a range of MPA sizes10–12. For tunas in PIPA, it was
assumed that fisheries protection of a large area where spawning occurs could have recruitment and biomass benefits in surrounding Kiribati waters and beyond, but tuna spawning activity within PIPA has not yet been confirmed.
Tropical tuna species that are likely to use the waters in PIPA for foraging and spawning include skipjack
(Katsuwonus pelamis), yellowfin (Thunnus albacares), and bigeye (Thunnus obesus). Skipjack tuna are most abundant within 20° of the equator, but are found as far north as 40°N13. Yellowfin tuna are concentrated in equatorial
waters and prefer temperatures above 25 °C13. Bigeye tuna, the largest and most valuable of the tropical tunas,
have a range that extends from 40°S to 40°N13. Albacore tuna (Thunnus alalunga) may also pass through the
region, but because of its subtropical to temperate habitat preferences, this species accounts for < 1% of the tuna
catch in Kiribati3. Likewise, albacore larvae tend to be absent from equatorial waters and are more common at
20°N/S14,15.
Skipjack, yellowfin, and bigeye tuna are all fast-growing and early-maturing species, maturing at 1–3 years
old16–22. In all three species, individuals are likely to spawn every 1–3 days over a period of weeks to months and,
at the population level, spawning occurs throughout the year in the tropical Pacific16–19,23,24. For all three species,
spawning and/or larval occurrence is generally observed at sea surface temperatures (SSTs) above 24 °C19–22.
Yellowfin and skipjack tuna larvae were found from 15°S to 23°N and across the full longitudinal range of
sampling by NOAA expeditions in 1950–1952, from 110°W to 180°W23,24. The only other broad-scale sampling
effort for larval tunas in the Pacific Ocean was carried out by the Japanese from 1956–1981. In these collections, the larvae of skipjack, yellowfin, and bigeye tunas were broadly distributed in the western and central
Pacific from approximately 20°S to 30°N14,15. There have been a number of other larval studies of tropical Pacific
tunas, but they focused on distributions in the vicinity of islands and atolls and include limited sampling effort
in deep pelagic zones25–27. Larvae of many tuna species are known to concentrate in the upper 50 m of the water
column14,23,28,29.
In this study, we combined empirical data on larval tuna abundance and growth, collected on annual cruises to
PIPA in July/August in 2015–2017 (Fig. 1), with individual-based model simulations to estimate spawning locations and relative spawning output. We estimated, for the first time, abundance of tuna larvae in PIPA waters and
determined which species of tuna are spawning within and around PIPA, confirmed with genetic barcoding for
species within the genus Thunnus. Our data set includes the 2015 El Niño event that, along with global elevated
temperatures, led to widespread coral bleaching across the tropical Pacific30. In the summers of 2016 and 2017, we
determined conditions to be ENSO neutral. Because Thunnus spp. tunas show preferences for spawning in highly
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Figure 2. Environmental conditions across the three years of sampling. Panels show satellite-derived sea
surface temperature (a–c) and chlorophyll (d–f) for 2015 (a,d), 2016 (b,e), and 2017 (c,f). The dashed lines show
the boundaries of PIPA. Sea surface temperature data (°C) comes from the MURSST dataset, and chlorophyll
data (μg/l) comes from the Visible and Infrared Imager/Radiometer Suite (VIIRS) satellite (both datasets
through NASA).

oligotrophic waters31, we expected to find higher larval abundances under the low chlorophyll El Niño conditions
in 2015 than in the more productive conditions in 2016 and 2017.

Results

Oceanographic conditions. The surface mixed layer in PIPA extended to approximately 100 m with
temperatures above 25 °C, below which there was a gradual thermocline to temperatures below 12 °C at 300 m
(Fig. S3). In 2015 (El Niño year), the surface waters in PIPA were warmer than in 2016 and 2017 at the northern
boundary by about 1–2 °C, while at the southern boundary, temperatures were quite similar in 2015 and 2016
(Fig. 2a,b). In 2017, surface temperatures were fairly uniform across the protected area, and slightly cooler than
in 2016 (Fig. 2c). From 2015 to 2016, there was a marked difference in sea surface chlorophyll concentrations in
PIPA, both in terms of the typical value and a reversal in the latitudinal gradient. Surface chlorophyll plots for
2015–2017 clearly demonstrate the broad extent of low relative productivity in 2015 (Fig. 2d–f). In 2015, chlorophyll values were below 0.15 μg/l throughout all of PIPA, and the higher values (between 0.1 and 0.15 μg/l) were
found only around Kanton atoll and in the southern half of PIPA (Fig. 2d). In 2016, chlorophyll values were above
0.1 μg/l throughout nearly all of PIPA, with the exception of the southwest corner; the highest values of over 0.2
μg/l were near the northern boundary and values decreased with distance from the equator (Fig. 2e). The pattern
of surface chlorophyll in 2017 resembled that in 2016 (Fig. 2f).
Compared with July SST from 2003–2018, the July SST in PIPA in 2015 was the hottest, with an anomaly of
nearly 1 °C from the 2003–2018 mean. The July SST in 2016 and 2017 were also slightly warmer than the 2003–
2018 average climatology, with anomalies of 0.55 and 0.28 °C, respectively (Fig. 3). The July SST from PIPA generally tracks the Niño3.4 index and the Multivariate ENSO index (MEI) (r = 0.68 and 66, respectively), although
those indices both indicated cool conditions in July of 2016 and 2017, while the PIPA temperatures showed weak
positive anomalies. In years with strong signals in the MEI (2010 and 2015), the chlorophyll-a concentration in
PIPA moved out of phase with SST. Compared with the rest of the 15-year time series, the July chlorophyll-a concentration in PIPA had its lowest value in 2015 and its highest value in 2017 (Fig. 3).
Larval tuna abundance and distribution. Skipjack and Thunnus spp. larvae were caught in all 3 years,
for a total of 64 non-zero stations (Table S1) and 42 stations with zero catch. In 2015, 163 skipjack larvae were
caught in the study area; 59 of those inside PIPA, and a large catch of 101 skipjack larvae occurred outside of the
northeastern corner of PIPA. The abundance of skipjack larvae at non-zero stations in 2015 ranged from 0.004
to 42.5 larvae per 10 m2 (Fig. 4a). In 2016, 291 skipjack larvae were caught in the study area, all inside the PIPA
boundaries, and a large catch of 184 skipjack larvae occurred in the northeast quadrant of PIPA. The abundance
of skipjack larvae at non-zero stations in 2016 ranged from 0.22 to 40.75 larvae per 10 m2 (Fig. 4b). In 2017, 82
skipjack larvae were caught; 72 of those were caught inside of PIPA. There was no single station with a markedly high catch, but in 2017 no samples were collected in the farther northeast region where high catches were
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Figure 3. Environmental conditions in PIPA for 2003–2018. July SST anomaly in PIPA (°C) was calculated
from daily MUR SST data. July chlorophyll-a concentration anomaly in PIPA (mg m−3) was calculated from
daily MODIS Level 3 data. Also plotted are the July Nino3.4 anomaly and the July Multivariate ENSO Index
(MEI) anomaly.

Figure 4. Larval tuna distribution maps. Subpanels depict abundance for Katsuwonus pelamis (panels a–c)
and Thunnus spp. (panels d–f). Panels a and d show the larval distribution in 2015, panels b and e for 2016,
and panels c and f for 2017. Red circles indicate locations that plankton sampling occurred but no larvae of
that taxon were collected. The size of blue circles is scaled to the abundance of larvae at that station, and purple
diamonds in panels a and b correspond to an anomalously high station abundance (42.5 and 40 larvae per 10 sq.
m in a and b, respectively). The boundaries of PIPA are shown in green. Bathymetric contours at 1000, 3000, and
5000 km depth are shown in light grey (accessed through GEBCO).

observed in 2015 and 2016 (Fig. 4). The abundance of skipjack larvae at non-zero stations in 2017 ranged from
0.004 to 7.12 larvae per 10 m2 (Fig. 4c).
In 2015, 39 Thunnus spp. larvae were collected in the study area and 34 of these were collected inside of PIPA.
The abundance of Thunnus spp. larvae at non-zero stations in 2015 ranged from 0.009 to 3.7 larvae per 10 m2
(Fig. 4d). In 2016, 35 Thunnus spp. larvae were collected in the study area and 34 of these were caught inside PIPA;
the abundances at non-zero stations ranged from 0.25 to 1.5 larvae per 10 m2 (Fig. 4e). In 2017, 8 Thunnus spp.
larvae were caught in the study area, and 6 of these were caught inside PIPA; the abundances at non-zero stations
ranged from 0.005 to 0.89 larvae per 10 m2 (Fig. 4f).
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Figure 5. Relative spawning output map. Relative spawning output, from backtracking simulations, is shown
for Katsuwonus pelamis (panels a–c) and Thunnus spp. (panels d–f). Panels a and d show the relative spawning
output in 2015, panels b and e for 2016, and panels c and f for 2017. The log-scale colorbar corresponds to
filled color contours of relative spawning output, which was calculated on 0.05° by 0.05° latitude/longitude grid
and normalized such that the largest value in each panel is 1. Black triangles indicate the release locations for
backtracking simulations, which are the same as the collection locations in Fig. 3. The boundaries of PIPA are
shown in green. Current vectors represent the mean HyCOM velocities in the upper 25 m of the water column
for the sampling period of each year.

Overall, the abundance of skipjack tuna larvae was higher but more variable than the abundance of Thunnus
spp. larvae (Fig. 4). Abundances of skipjack larvae were higher in 2016 than 2015, while for Thunnus spp., larval
abundances in 2015 and 2016 were similar. Abundances of both taxa were lower in 2017 than in the previous two
years.

DNA barcoding.

Due to morphological characters being unreliable for distinguishing yellowfin (Thunnus
albacares) and bigeye (Thunnus obesus) tuna larvae32, DNA barcoding was used on a subsample of larvae for
species identification. These analyses positively identified both bigeye and yellowfin larvae within PIPA. In 2015,
six were identified as bigeye tuna and 18 as yellowfin tuna. In 2016, nine were bigeye tuna and no other Thunnus
species were identified. In 2017, one matched with bigeye tuna and two with yellowfin tuna. All seven of the barcoded Thunnus eggs were from bigeye tuna (five from 2015 and two from 2016). Upon examination of a subset
of the genetically identified larvae, we confirmed that morphological features were not useful for distinguishing
bigeye from yellowfin larvae (details in SI).

Spawning sites and relative output.

Particle backtracking was performed using a coupled biologicalphysical dispersal model to estimate the spawning locations and relative output that contributed to our observed
larval collections. We calculated relative spawning output by scaling the probability distribution of spawning
locations for each larva by its age, using a temperature-based mortality rate, and then combining these scaled
distributions by taxon and year.
In 2015, velocities of modeled currents were generally low with a weak anti-cyclonic retention feature present inside PIPA, centered around Kanton atoll (Fig. 5a,d). The larvae collected in 2015 inside PIPA generally
originated from spawning that occurred inside of PIPA, while those collected outside the boundaries generally
originated outside. The exceptions to this were the stations nearest to the protected area boundaries, including
the southernmost station inside PIPA, the two stations near the northwest corner, and the station at the northeast
corner. In 2016, modeled currents were stronger and there was more movement of eggs and larvae across the
PIPA boundaries (Fig. 5b,e). In the mean state of the currents over the sampling period, an anti-cyclonic circulation feature was present to the north of PIPA, with westward currents cutting through the protected area near the
middle of its latitudinal range. As a result, inferred spawning activity was more spread out along the prevailing
currents. In 2017, the modeled currents were intermediate in strength; there was an anti-cyclonic retentive feature
in the northeast quadrant and westward currents at the middle latitude of the protected area (Fig. 5c,f). The larvae
collected in the western half of PIPA were likely from spawning inside the boundaries, while those collected in
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the eastern half likely originated near the eastern boundary. The larvae collected outside the eastern boundary of
PIPA were likely from spawning outside of PIPA.

Discussion

By combining three years of empirical data on larval tuna in PIPA with a biophysical modeling approach to backtrack larvae to infer spawning locations, we have conclusively demonstrated that spawning occurs inside PIPA
for skipjack, bigeye, and yellowfin tunas. Moreover, this finding held during both El Niño and neutral conditions.
The overall pattern of larval distribution and abundance was similar across years, and backtracking simulations
suggested that spawning locations near PIPA were also similar across years. Larval studies are valuable because
they reveal both adult presence and spawning activity without removing adults or interrupting spawning behavior. Therefore, this study can help us understand the role that PIPA plays in tuna conservation, while adhering to
the no-take policy of the protected area management plan.
The larval tuna abundances that we recorded in PIPA, at non-zero catch stations, range from 0.004 to 42.5
larvae per 10 m2, or approximately 0.008 to 85 larvae per 1000 m3 (assuming that larval habitat is the upper 50 m).
Past work on larval tuna distributions in the Pacific is limited, but the abundances presented here are within the
range of previous studies. For example, the 1950–1952 surveys by NOAA in the pelagic tropical Pacific found
1–16 yellowfin tuna larvae per 1000 m3 and 0.5–25 skipjack tuna larvae per 1000 m3 23,24. The other example of
broad-scale larval surveys in the tropical Pacific, undertaken by the Japanese from 1956–1981, observed larval
yellowfin at densities of less than 1 per 1000 m3 and skipjack tuna larvae at densities of 0.1–5 per 1000 m3 14,15.
Sampling around Johnston atoll found Thunnus spp. larvae at 0.1–0.3 per 1000 m3, and skipjack larvae at 0.3–1.7
per 1000 m3 26. Sampling around the Hawaiian archipelago yielded 1–10 larvae per 10 m2 for Thunnus spp. and
0.1–1 skipjack larvae per 10 m2 25. One study, in the waters around French Polynesia, found very high concentrations of tuna larvae; they observed a maximum station abundance of 446 Thunnus spp. larvae per 1000 m3, and
a median of approximately 20 per 1000 m3, and skipjack tuna larvae had a median of about 8 per 1000 m3 27. Our
results fit well into the established literature on larval studies in the tropical Pacific, suggesting that spawning in
PIPA likely contributes to recruitment in central Pacific tuna stocks.
Although July of 2015 had the warmest and lowest chlorophyll-a conditions that were seen in the month of
July between 2003 and 2018 (Fig. 3), the overall pattern of abundance of tuna larvae did not change substantially
between 2015 and the other sampling years (Fig. 4). The largest inter-annual difference was the much lower range
of abundances in 2017. However, this coincides with lower effort in 2017, particularly in the northeast quadrant
of PIPA. If we compare only the locations where sampling occurred in all three years, then abundances reported
for 2017 are quite similar to the other two years.
Although we observed consistency in the overall patterns of larval abundance across years, there were differences in the details of those patterns. We expected to find higher larval abundances under low chlorophyll El
Niño conditions because of the preference of Thunnus spp. tunas for spawning in highly oligotrophic waters31.
The observed abundance of Thunnus spp. larvae was indeed higher—but patchier—in 2015 than in 2016. In 2016,
there were more positive stations but abundance was generally lower at each station (Fig. 4d,e). In 2015, barcoding results suggest the presence of both yellowfin and bigeye tunas, but in 2016 only bigeye tuna were identified
(Table S1). Unfortunately, species identification with DNA barcoding was not possible for 74% of the Thunnus
spp. larvae collected in 2016, so the possibility remains that yellowfin occurred in 2016 as well. (The quantity of
pure ethanol brought in 2016 was insufficient for preserving the high amounts of plankton that occurred. As such,
DNA was often degraded in these samples, or denatured ethanol—a poor DNA preservative—was used instead.)
Although surface temperatures were cooler in 2016, the entire area of PIPA had surface temperatures above 28 °C
(Fig. 2b), well within the preference range of yellowfin tuna13. If there were truly no yellowfin larvae in our 2016
collections, it could indicate that bigeye tuna distribution and spawning activity is less responsive to changes in
the surface waters than these aspects of yellowfin tuna biology. This, in turn, could be explained by observations
that bigeye tuna often occupy colder waters and greater depths13,33, and forage on deeper-dwelling organisms than
do yellowfin tuna34.
Another important component of interannual variability is the influence of currents on the pattern of relative
spawning output. The backtracked reproductive output maps show little movement of eggs and larvae across the
boundaries of PIPA during El Niño conditions (i.e., 2015), and greater movement during neutral conditions.
For example, the areas of highest relative spawning output for skipjack tuna were outside PIPA to the north in
both 2015 and 2016 (Fig. 5a,b), but the observed large catch locations were outside PIPA in 2015 and inside in
2016. This is due to weaker currents accompanied by a northerly position of the mesoscale circulation feature
in 2015 compared to stronger currents and a more southerly mesoscale feature in 2016. In both 2016 and 2017,
there is a westward current flowing near the middle latitude of PIPA. This is in line with observations of the
westward-flowing southern branch of the South Equatorial Current, which is centered around 3°S and weakens
during El Niño events35.
We used larval catch, ages, and estimated mortality rates to take a novel approach to larval backtracking. In
addition to showing that many of the tuna larvae originated from spawning activity in PIPA, we also shed light
on spatial variability in spawning output. However, it is important to note that these results are based only on
the observed collections and, as such, the backtracking results should be thought of as presence-only—spawning may have occurred in more of the domain, with larvae transported to locations where we did not sample.
Furthermore, the results of individual-based modeling are quite sensitive to the choice of hydrodynamic model.
We used HYCOM, a data-assimilative hindcasting model that generally replicates large-scale patterns in the
ocean, and we find that it matches CTD data from PIPA reasonably well (Fig. S2). However, further work on
hydrodynamic models for the tropical Pacific would improve the reliability of larval dispersal, connectivity, and
backtracking simulations that are often used in MPA design and assessments.
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Studies of larval tuna abundance and its interannual variability can contribute substantially to our understanding of tuna spawning, stock productivity, and the role of large MPAs like PIPA in tuna conservation. While
our results show that tuna are spawning inside of PIPA, the lack of other larval tuna studies in the tropical Pacific
limits our ability to contextualize the role of PIPA in overall stock productivity. The only broad-scale larval tuna
studies in the tropical Pacific ended between 4015 and 70 years ago23,24. Still, given the remoteness of PIPA, as well
as its size, this work represents a significant contribution to the scientific understanding of tuna spawning in open
waters of the Pacific and to the use of protected areas by highly migratory species.
Recently, several studies have focused on the role of protected areas, including large-scale MPAs, in the conservation and management of highly migratory species. Around the long-standing Galápagos marine reserve,
there is evidence of “spillover effects” in the yellowfin tuna purse seine fishery, indicating that the protected area
is increasing recruitment locally—whether by protecting a fairly resident population or by attracting very large
temporary aggregations of yellowfin36. In a different management context, temporary closures of the striped marlin long-line fishery in Baja California coincided with rapid increases in fish abundance, again with some uncertainty about whether the increase is driven by high recruitment of a local population or import of individuals
from outside the closed area37. In a counter example, it was deemed unlikely that a proposed MPA at Ascension
Island (tropical Atlantic) would lead to population benefits for the yellowfin tuna population; although individuals spent several months at a time foraging around the island, they were not found to be reproductively active38.
In an example from a highly migratory species with a very different life cycle, tagging studies on green turtles in
the Chagos Archipelago MPA indicate that turtles spend a very small proportion of time inside the MPA, using it
for nesting but not for foraging39,40. In all of these examples, the value of the protected area comes from the combination of adult presence and reproductive activity.
We have demonstrated that there are reproductively active individuals within PIPA, but a critical piece of
missing information that would allow for a better assessment of the protection afforded by PIPA would be the
residence times of adult tuna. Otolith chemistry, which is related to natal origin using geographically-based water
properties, suggests that both yellowfin and bigeye tuna populations in the tropical Pacific are structured on large
regional scales41. Likewise, tagging data suggest stock structure and regional retention on large spatial scales
for bigeye tuna42 and that yellowfin tuna will remain in an area similar in size to PIPA for periods of weeks to
months38,43. A global synthesis of dart tag data indicated that all three tropical tuna species are capable of both
rapid large-scale movements and regional fidelity or periodic returns to feeding and spawning locations44. This
evidence suggests that, if foraging conditions in PIPA are attractive, adult tuna could spend enough time there
to benefit from the protection in order to spawn numerous times before becoming vulnerable to fishing again. A
tagging study specifically focused on adult tuna movements in the vicinity of PIPA would further elucidate the
scale of PIPA’s impact on tuna population productivity.
In addition to short-term contributions to sustainable management, PIPA may be important for the conservation of tuna populations affected by climate change. Several papers have predicted that climate change will have
neutral effects or benefits for tuna fisheries in island nations in the central Pacific Ocean2,45. Climate projections
indicate that tuna abundances in PIPA, and in Kiribati in general, will increase because warming in the western
Pacific warm pool will drive the population distribution of skipjack tuna towards the east46,47. Likewise for bigeye
tuna, climate change projection models predict that adult abundances will increase in the eastern Pacific and
will decrease in the western and central Pacific48. Part of the reasoning is that climate projections indicate that
spawning habitat for skipjack tunas in the western Pacific will decrease substantially48,49. Thus, under certain
climate scenarios, PIPA may have a disproportionate opportunity to bolster reproductive stocks if surface water
temperatures cause adults to spend more time within the MPA boundaries.
The Phoenix Islands Protected Area is unique as a large, continuous MPA that encloses almost an entire archipelago and encompasses both shallow reef environments and deep pelagic waters. Larval studies, including the
analysis of distribution, abundance, growth, and backtracking simulations, contribute to overall understanding
of the species and/or the stock because events in early life can have an outsized impact on stock recruitment and
productivity. However, linking a study of the distribution of tuna larvae in PIPA with the population dynamics
of adult skipjack, yellowfin, and bigeye tunas in the central Tropical Pacific is difficult, and should be approached
cautiously. The great power of the standard ichthyoplankton sampling scheme presented here is that it provides
the baseline for a growing time series that, as annual sampling continues through at least 2022, will enable monitoring of tuna spawning inside PIPA. This time series may reveal interannual changes in the spawning output or
shifts in its spatial distribution, providing insight into how tuna spawning in and around PIPA is likely to change
under climate change conditions. Furthermore, the protection of large areas like PIPA, where the only major
anthropogenic effects are from global-scale climate change, potentially enables us to disentangle climate-related
impacts from the other multiple stressors that most ecosystems face. In addition to being a reservoir for biodiversity and biomass, mega-MPAs like PIPA are large-scale living laboratories that can help scientists better
understand ocean ecosystems.

Methods

Field sampling.

Sampling took place aboard the SSV Robert C. Seamans following similar cruise tracks and
dates in 2015 (July 18 to August 7), 2016 (July 15 to August 6), and 2017 (July 17 to August 4) (Fig. 1). A few stations were sampled on transits from Honolulu, HI to PIPA (2015 and 2016) and between Pago Pago, American
Samoa and PIPA (2017). Of the stations outside PIPA, only those reasonably close to the PIPA boundaries are
included here, i.e. all stations between 7°S and 2°N (Table S1). Sampling beyond this latitudinal range is excluded
from this study, including 7 stations in 2015 that yielded a total of 1 skipjack tuna larva; 8 stations in 2016 that
yielded a total of 9 skipjack larvae (from 4 stations) and 2 Thunnus spp. larvae (from 1 station); and 9 stations in
2017 that together yielded 1 Thunnus sp. larva.
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Station work occurred at approximately local noon and midnight each day. At each station, the hydrographic
rosette, equipped with conductivity, temperature, and depth (CTD) sensors, was deployed to 600 m depth or 10 m
off the bottom. To sample ichthyoplankton, up to 3 different types of plankton net tows were performed, with all
3 used at the majority of stations (Table S1). Net tows were performed for approximately 30 minutes at a speed of
2 knots. First, a 1-m2 rectangular opening Tucker trawl with a single net of 333 μm mesh was towed obliquely to
the typical depth of the thermocline (approximately 100 m). Second, the same Tucker trawl was re-deployed for
a shallower, double-oblique tow to approximately 50 m, intended to sample larval tuna habitat more intensively.
Third, a 0.5 × 1 m rectangular neuston net was deployed off the side, sampling the upper 0.25 m.
The Tucker Trawl nets were equipped with an internally recording depth sensor and a General Oceanics flow
meter, giving tow depth and volume filtered. Neuston tow flow was estimated using vessel speed, net area, and tow
duration. Samples were fixed in 95% ethanol.
In addition to our in-situ environmental data, we mapped the average July surface temperature from the
Multi-scale Ultra-high Resolution (MUR) SST data set50 and sea surface chlorophyll data from the Visible and
Infrared Imager/Radiometer Suite (VIIRS) satellite51. To compare environmental conditions within PIPA beyond
our sampling years, we used the MUR SST dataset50 and the MODIS chlorophyll-a dataset52. Using daily data
for July in 2003–2018, we calculated the mean values in PIPA (latitude 6.6°S to 0.98°S and longitude 175.8°W to
169.7°W). These two time series are compared with the Niño3.4 index53 and the Multivariate ENSO index54. All
four time series are represented as anomalies by subtracting the 2003–2018 average value.

Lab processing. Fish larvae and fish eggs were separated from the bulk plankton samples under a light
microscope. Using morphological characters, tuna larvae were identified as skipjack tuna (Katsuwonus pelamis)
or Thunnus sp.32,55. Fish larvae and eggs were stored in 95% ethanol.
Abundance of larval tuna for each net tow (anet, n larvae per m2) was calculated by multiplying the density
(n larvae per m3) in each net tow by the vertical distance it sampled. The standardization by vertical distance is
required to combine multiple net observations, which each sampled different depths, into a single value of abundance per station. Then, the station abundance was calculated by taking the mean anet of the two Tucker trawl tows
and adding the neuston anet.
The two expected species of Thunnus larvae in our samples were bigeye tuna (Thunnus obesus) and yellowfin
tuna (T. albacares)14. These two species have limited morphological characters that can differentiate them, and
larvae under 5 mm are not well described. As such, species identification was confirmed genetically on a subset
of Thunnus larvae by the Canadian Center for DNA Barcoding. Additionally, a subset of eggs that were visually
identified as possible scombrid eggs were barcoded to empirically confirm spawning within PIPA. Barcoding
sequences were obtained for 36 Thunnus larvae and 7 Thunnus eggs. Most of these could be classified using the
Barcode of Life Database’s (www.bold.org) ‘Species DB’ search function, but manual inspection and classification
of sequences was required for 11 of the 36 barcoded larvae (further details in SI).
Photographs were taken of each larva using a Leica M205C stereomicroscope with a Canon EOS 60D camera
attached. Fish standard lengths were measured using ImageJ with the ObjectJ plug-in (https://imagej.nih.gov;
https://sils.fnwi.uva.nl/bcb/objectj). Some fish larvae were damaged and could not be measured; however 191,
256, and 80 larvae (93, 75, and 85 percent of collection) were successfully measured from 2015, 2016, and 2017,
respectively. Length of damaged larvae was estimated using the mean length for that taxon in that sample. If the
sample contained fewer than 3 measurable larvae of that taxon, then the mean length from all nets at the collection station was used, weighted by the number of larvae in each net (5 occasions); if this still contained fewer than
3 larvae of that taxon, then the two nearest stations were combined with the collection station to calculate the
weighted mean length (17 occasions).
Length-at-age relationships were constructed using otolith-derived ages from skipjack and Thunnus spp. larvae from 2015 and 2016 collections. Otoliths were extracted and read from 118 tuna larvae total: 36 and 30
skipjack and 25 and 27 Thunnus spp. from 2015 and 2016, respectively. After quality control, otolith reads were
retained for 32 and 29 skipjack larvae and 22 and 26 Thunnus spp. larvae from 2015 and 2016, respectively. Aged
larvae ranged from 2.24 to 9.04 mm in length and from 1 to 12 daily otolith increments. More details on otolith
methods are in the SI.
A least squares linear regression was fitted to the daily increment and length data for each year-taxon pair, as
well as by taxon pooled across years (Fig. S1). An ANOVA did not find a significant effect of year on larval length
for skipjack tuna larvae (p = 0.22), and there was a marginally significant effect for Thunnus spp. larvae (p = 0.06).
We found that average growth rates over the first two weeks of life are 0.45 and 0.37 mm per day for skipjack tuna
larvae and Thunnus spp. larvae, respectively (Fig. S1). The size-at-age relationships derived from otolith analyses
were used to assign the number of daily growth increments for larvae that were not aged.
To inform backtracking, we needed to estimate ages in days post spawning. It takes 18–30 hours for tuna eggs
to hatch at the observed temperatures22,56. Yellowfin and skipjack tuna larvae begin to lay down increments within
12–24 hours of hatching57,58. Therefore, we added 2 days to convert the estimates of increment number into age of
each larva in days post-spawning.
Relative spawning output estimation. For particle backtracking, we used the Connectivity Modeling
System (CMS)59 with velocities from the Hybrid Coordinate Ocean Model (HYCOM) Global hindcast experiments 91.1 and 91.2. The HYCOM data server provides daily currents at a horizontal grid resolution of 1/12°. For
each station at which tuna larvae were caught, 1000 virtual particles were released at noon on the calendar day
of sampling at the mean geographical position of all net tows for that station (Table S1). Virtual particles were
released at 25 m depth, and passively drifted at fixed depths: 10 m depth for Thunnus spp. larvae and 25 m depth
for skipjack larvae. These depths were selected because they represent the mid-point of observed vertical distributions for these taxa28,29,60. The particles were tracked backwards in time for 15 days from collection date, with
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a model time step of 20 minutes. The model includes stochastic kicks to simulate sub-grid scale diffusivity, and
releasing 1000 particles ensures that the output will broadly sample that probability space.
Using the simulation output, we built a dataset corresponding to all collected tuna larvae. For each larva, age
in days post spawning was estimated using the pooled size-at-age relationships. In order to account for variance
in size-at-age, we drew the estimated ages from a normal distribution with mean equal to the regression line for
age-at-size and variance equal to the standard deviation of all of the residuals of age-at-size. We use this age for
each larva to extract the positions of the 1000 virtual particles (from the corresponding simulation release point)
on the estimated day of spawning. We calculated the 2-D frequency distributions of the 1000 particle positions at
the estimated time of spawning, on a 0.05° latitude by 0.05° longitude grid, and defined this as the spatial probability density of spawning location for that larva.
Instead of only backtracking larvae to estimate where they originated, we also sought to estimate the relative
spawning output needed to yield the abundances and ages of larvae in our samples. To do this, it is necessary to
scale the spatial probability density of spawning location by the number of eggs that would need to be spawned
to lead to the observation of each larva, which depends on the age of the larva and the daily mortality rate.
Instantaneous daily mortality rates (Z) for fish larvae strongly depend on temperature, and a meta-analysis across
a wide range of latitudes, species, and ecosystems found that Z = 0.0256 + 0.0123 T, where T is the temperature
that larvae experience61. We used the average temperature in the upper 50 m at each station to calculate the Z for
larvae collected at that station: for our data, Z ranges from 0.357 to 0.399 day−1. This yielded a realistic estimate of
the number of eggs that must have been spawned in order to lead to the observed catch.
For each larva, we scale the spatial probability density plot by the estimated number of eggs spawned, to
generate the distribution of relative spawning output for that particular larva. We then sum the relative spawning
output distributions across all larvae in a given year and taxon to produce maps that show the relative spawning
output for the full collections of tuna larvae. Larval catch numbers and the resulting estimates of relative spawning output for each station are presented in Table S1.

Data Availability

The datasets generated and analyzed during the current study are available from the corresponding author upon
reasonable request. Genetic sequences were submitted to GenBank and can be found at accession numbers
MK567307-MK567376.

References

1. Western and Central Pacific Fisheries Commission. Tuna fishery yearbook 2017 (2018).
2. Bell, J. D. et al. Effects of climate change on oceanic fisheries in the tropical Pacific: Implications for economic development and food
security. Clim. Change 119, 199–212 (2013).
3. Ministry of Finance and Economic Development & Ministry of Fisheries and Marine Resource Development. Fishing license
revenues in Kiribati: 2016 Report. 14 (2016).
4. GDP (Current US$). World Bank Group, https://data.worldbank.org/indicator/NY.GDP.MKTP.C (2018).
5. Lehodey, P., Bertignac, M., Hampton, J., Lewis, A. & Picaut, J. El Nino Southern Oscillation and tuna in the western Pacific. Nature
389, 715–718 (1997).
6. Hanich, Q. et al. Unraveling the blue paradox: Incomplete analysis yields incorrect conclusions about Phoenix Islands Protected
Area closure. Proc. Natl. Acad. Sci. 115, E12122–E12123 (2018).
7. Witkin, T., Reyer, A. & Savitz, J. Global Fishing Watch reveals a fisheries management success in the Phoenix Islands. Oceana 1–20
(2016).
8. Rotjan, R. et al. Establishment, management, and maintenance of the Phoenix Islands Protected Area. Adv. Mar. Biol. 69, 289–324
(2014).
9. Mccauley, B. D. J. et al. Ending hide and seek at sea. Science (80-.). 351, 1148–1150 (2016).
10. Halpern, B. S., Lester, S. E. & Kellner, J. B. Spillover from marine reserves and the replenishment of fished stocks. Environ. Conserv.
36, 268–276 (2009).
11. Thompson, A. R., Chen, D. C., Guo, L. W., Hyde, J. R. & Watson, W. Larval abundances of rockfishes that were historically targeted
by fishing increased over 16 years in association with a large marine protected area. R. Soc. Open Sci. 4, 170639 (2017).
12. Di Lorenzo, M., Claudet, J. & Guidetti, P. Spillover from marine protected areas to adjacent fisheries has an ecological and a fishery
component. J. Nat. Conserv. 32, 62–66 (2016).
13. Arrizabalaga, H. et al. Global habitat preferences of commercially valuable tuna. Deep. Res. Part II Top. Stud. Oceanogr. 113, 102–112
(2015).
14. Ueyanagi, S. Observations on the distribution of tuna larvae in the Indo-Pacific Ocean with emphasis on the delineation of the
spawning areas of albacore, Thunnus alalunga. Bull Far Seas Fish Res Lab 2, 177–256 (1969).
15. Nishikawa, Y., Honma, M., Ueyanagi, S. & Kikawa, S. Average distribution of larvae of oceanic species of scombroid fishes,
1956–1981. Bull. Far Seas Fish. Res. Lab. S Ser. 12, 99 (1985).
16. Koido, T. & Suzuki, Z. Main spawning season of yellowfin tuna, Thunnus albacares, in the western tropical Pacific ocean based on
the gonad index. Bull. Far Seas Fish. Res. Lab (1989).
17. Itano, D. G. The reproductive biology of yellowfin tuna (Thunnus albacares) in Hawaiian waters and the western tropical Pacific
ocean: Project Summary. SOEST 00-01 JIMAR Contrib. 00-328 (Joint Inst. Mar. Atmos. Res. Univ. Hawaii, Honolulu) 1–69 (2000).
18. Zhu, G., Dai, X., Xu, L. & Zhou, Y. Reproductive biology of Bigeye Tuna, Thunnus obesus, (Scombridae) in the eastern and central
tropical Pacific Ocean. Environ. Biol. Fishes 88, 253–260 (2010).
19. Schaefer, K. M., Fuller, D. W. & Miyabe, N. Reproductive biology of bigeye tuna (Thunnus obesus) in the Eastern and Central Pacific
Ocean. IATTC Bull. 23 (2005).
20. Schaefer, K. M. Reproductive Biology of Yellowfin tuna (Thunnus albacares) in the Eastern Pacific Ocean. Inter-American Trop. Tuna
Comm. Bull. 21 (1998).
21. Reglero, P., Tittensor, D. P., Álvarez-Berastegui, D., Aparicio-González, A. & Worm, B. Worldwide distributions of tuna larvae:
Revisiting hypotheses on environmental requirements for spawning habitats. Mar. Ecol. Prog. Ser. 501, 207–224 (2014).
22. Margulies, D. et al. Spawning and early development of captive yellowfin tuna (Thunnus albacares). Fish. Bull. 105, 249–265 (2007).
23. Matsumoto, W. Description and distribution of larvae of four species of tuna in central Pacific waters. Fish. Bull. U.S. Fish Wild. Serv
58, 31–72 (1958).
24. Strasburg, D. Estimates of larval tuna abundance in the central Pacific. Fish. Bull. U.S. Fish Wildl. Serv 60, 231–255 (1960).
25. Boehlert, G. W. & Mundy, B. C. Vertical and onshore-offshore distributional patterns of tuna larvae in relation to physical habitat
features. Mar. Ecol. Prog. Ser. 107, 1–14 (1994).

Scientific Reports |

(2019) 9:10772 | https://doi.org/10.1038/s41598-019-47161-0

9

www.nature.com/scientificreports/

www.nature.com/scientificreports

26. Boehlert, G. W., Watson, W. & Sun, L. C. Horizontal and vertical distributions of larval fishes around an isolated oceanic island in
the tropical Pacific. Deep. Res. 39, 439–466 (1992).
27. Leis, J. M. et al. High concentrations of tuna larvae (Pisces: Scombridae) in near-reef waters of French Polynesia (Society and
Tuamotu Islands). 48, 150–158 (1991).
28. Habtes, S., Muller-Karger, F. E., Roffer, M. A., Lamkin, J. T. & Muhling, B. A. A comparison of sampling methods for larvae of
medium and large epipelagic fish species during spring SEAMAP ichthyoplankton surveys in the Gulf of Mexico. Limnol. Oceanogr.
Methods 12, 86–101 (2014).
29. Llopiz, J. K., Richardson, D., Shiroza, A., Smith, S. & Cowen, R. Distinctions in the diets and distributions of larval tunas and the
important role of appendicularians. Limnol. Oceanogr. 55, 983–996 (2010).
30. Brainard, R. E. et al. Ecological impacts of the 2015/16 El Niño in the Central Equatorial Pacific [in ‘Explaining extreme events of
2016 from a climate perspective’]. Bull. Am. Meteorol. Soc. 99, S21–S26 (2018).
31. Llopiz, J. K. & Hobday, A. J. A global comparative analysis of the feeding dynamics and environmental conditions of larval tunas,
mackerels, and billfishes. Deep. Res. Part II Top. Stud. Oceanogr. 113, 113–124 (2015).
32. Nishikawa, Y. & Rimmer, D. W. Identification of larval tunas, billfishes and other Scombroid fishes (Suborder Scombroidei): an
illustrated guide. CSIRO Reports 186, 1–20 (1987).
33. Schaefer, K. M. & Fuller, D. W. Vertical movements, behavior, and habitat of bigeye tuna (Thunnus obesus) in the equatorial eastern
Pacific Ocean, ascertained from archival tag data. Mar. Biol. 157, 2625–2642 (2010).
34. Duffy, L. M. et al. Global trophic ecology of yellowfin, bigeye, and albacore tunas: Understanding predation on micronekton
communities at ocean-basin scales. Deep. Res. Part II Top. Stud. Oceanogr. 140, 55–73 (2017).
35. Johnson, G. C., Sloyan, B. M., Kessler, W. S. & McTaggart, K. E. Direct measurements of upper ocean currents and water properties
across the tropical Pacific during the 1990s. Prog. Oceanogr. 52, 31–61 (2002).
36. Boerder, K., Bryndum-Buchholz, A. & Worm, B. Interactions of tuna fisheries with the Galápagos marine reserve. Mar. Ecol. Prog.
Ser. 585, 1–15 (2017).
37. Jensen, O. P. et al. Local management of a ‘Highly migratory species’: The effects of long-line closures and recreational catch-andrelease for Baja California striped marlin fisheries. Prog. Oceanogr. 86, 176–186 (2010).
38. Richardson, A. J. et al. Residency and reproductive status of yellowfin tuna in a proposed large-scale pelagic marine protected area.
Aquat. Conserv. Mar. Freshw. Ecosyst. https://doi.org/10.1002/aqc.2936 (2018).
39. Hays, G. C., Mortimer, J. A., Ierodiaconou, D. & Esteban, N. Use of long-distance migration patterns of an endangered species to
inform conservation planning for the world’s largest marine protected area. Conserv. Biol. 28, 1636–1644 (2014).
40. Naro-Maciel, E. et al. Marine protected areas and migratory species: residency of green turtles at Palmyra Atoll, Central Pacific.
Endanger. Species Res. 37, 165–182 (2018).
41. Rooker, J. R., David Wells, R. J., Itano, D. G., Thorrold, S. R. & Lee, J. M. Natal origin and population connectivity of bigeye and
yellowfin tuna in the Pacific Ocean. Fish. Oceanogr. 25, 277–291 (2016).
42. Schaefer, K. et al. Movements, dispersion, and mixing of bigeye tuna (Thunnus obesus) tagged and released in the equatorial Central
Pacific Ocean, with conventional and archival tags. Fish. Res. 161, 336–355 (2015).
43. Schaefer, K. M., Fuller, D. W. & Block, B. A. Movements, behavior, and habitat utilization of yellowfin tuna (Thunnus albacares) in
the Pacific Ocean off Baja California, Mexico, determined from archival tag data analyses, including unscented Kalman filtering.
Fish. Res. 112, 22–37 (2011).
44. Fonteneau, A. & Hallier, J. P. Fifty years of dart tag recoveries for tropical tuna: A global comparison of results for the western Pacific,
eastern Pacific, Atlantic, and Indian Oceans. Fish. Res. 163, 7–22 (2015).
45. Dueri, S., Bopp, L. & Maury, O. Projecting the impacts of climate change on skipjack tuna abundance and spatial distribution. Glob.
Chang. Biol. 20, 742–753 (2014).
46. Ganachaud, A. et al. Projected changes in the tropical Pacific Ocean of importance to tuna fisheries. Clim. Change 119, 163–179
(2013).
47. Lehodey, P., Senina, I., Calmettes, B., Hampton, J. & Nicol, S. Modelling the impact of climate change on Pacific skipjack tuna
population and fisheries. Clim. Change 119, 95–109 (2013).
48. Lehodey, P. et al. Preliminary forecasts of Pacific bigeye tuna population trends under the A2 IPCC scenario. Prog. Oceanogr. 86,
302–315 (2010).
49. Venegas, R. et al. Climate-induced vulnerability of fisheries in the Coral. Triangle: Skipjack tuna thermal spawning habitats. Fish.
Oceanogr. 28, 117–130 (2018).
50. JPL MUR SST. NASA Jet Propulsion Laboratory Available at: https://mur.jpl.nasa.gov/InformationText.php.
51. NASA Goddard Space Flight Center, Ocean Ecology Laboratory, O. B. P. G. Visible and Infrared Imager/Radiometer Suite (VIIRS)
Chlorophyll Data; 2014 Reprocessing. NASA OB.DAAC, https://doi.org/10.5067/NPP/VIIRS/L3B/CHL/2014.
52. Center, N. G. S. F., Laboratory, O. E. & Group, O. B. P. Moderate-resolution Imaging Spectroradiometer (MODIS) Aqua Inherent
Optical Properties Data; 2014 Reprocessing. NASA OB.DAAC, Greenbelt, MD, https://doi.org/10.5067/AQUA/MODIS/L2/
IOP/2014
53. Nino 3.4 SST Index. NOAA ESRL Physical Sciences Division Available at: https://www.esrl.noaa.gov/psd/gcos_wgsp/Timeseries/
Nino34/.
54. Multivariate ENSO Index Version 2 (MEI.v2). NOAA ESRL Physical Sciences Division Available at: https://www.esrl.noaa.gov/psd/
enso/mei/.
55. Richards, W. J. Early Stages of Atlantic Fishes: An Identification Guide for the Western Central North Atlantic. (CRC Press, 2005).
56. Reglero, P. et al. Atlantic bluefin tuna spawn at suboptimal temperatures for their offspring. Proc. R. Soc. B Biol. Sci. 285, 20171405
(2018).
57. Wexler, J. B. et al. Age validation and growth of yellowfin tuna, Thunnus albacares, larvae reared in the laboratory. Bull. InterAmerican Trop. Tuna Comm. IATTC (2001).
58. Richard, R. Otolith formation and increment deposition in laboratory reared skipjack tuna, Euthynnus pelamis, larvae. Proc. Int.
Work. Age Determ. Ocean. Pelagic Fishes Tunas, Billfishes, Sharks 8, 99–103 (1983).
59. Paris, C. B., Helgers, J., van Sebille, E. & Srinivasan, A. Connectivity Modeling System: A probabilistic modeling tool for the multiscale tracking of biotic and abiotic variability in the ocean. Environ. Model. Softw. 42, 47–54 (2013).
60. Reglero, P. et al. Vertical distribution of Atlantic bluefin tuna Thunnus thynnus and bonito Sarda sarda larvae is related to
temperature preference. Mar. Ecol. Prog. Ser. 594, 231–243 (2018).
61. Houde, E. D. Comparative growth, mortality, and energetics of marine fish larvae: temperature and implied latitudinal effects. Fish.
Bull. 87, 471–495 (1989).

Acknowledgements

Funding and support was provided by the PIPA Trust, Waitt and Oceans5 Foundations, Sea Education
Association, the Prince Albert of Monaco Foundation II, New England Aquarium, and Boston University to
R.R. and J.W. C.H. was additionally supported by a National Science Foundation Graduate Research Fellowship.
J.L. was additionally supported by NOAA through the Cooperative Institute for the North Atlantic Region
(CINAR) under Cooperative Agreement NA14OAR4320158 in the form a CINAR Fellow Award, as well as by
Scientific Reports |

(2019) 9:10772 | https://doi.org/10.1038/s41598-019-47161-0

10

www.nature.com/scientificreports/

www.nature.com/scientificreports

the WHOI Academic Programs Office. We thank A. Breef-Pilz for onboard sampling assistance, as well as S.
Glancy, J. Pringle, E. Martin, J. Fisher, H. Goss, J. Jaskiel, S. Sheehan, and C. Moller for lab assistance. We thank
the PIPA Trust and the PIPA Implementation Office for their support, as well as on-ship Kiribati Observers
for their support and assistance: Tekeua Auatabu, Iannang Teaioro, Toaea Beiateuea, Taremon Korere, Kareati
Waysang, and Moamoa Kabuati. We thank Q. Hanich for reading sections of this paper in advance. This research
was conducted under Kiribati and PIPA permits PRP #s 3/17, 1/16, and 2/15 to JW.

Author Contributions

J.W., S.T., J.L. and R.R. conceived the overarching study and C.H. and J.L. planned the approach to analyzing
samples and data. J.W. and C.H. participated in sampling, and lab-based sample processing was overseen by J.L.
and R.R. C.H., C.W. and J.L. performed lab-based analyses. J.W. and C.H. processed environmental data. C.H.
performed particle tracking simulations and all other data analyses and drafted the paper. All authors participated
in manuscript edits and approved the final version.

Additional Information

Supplementary information accompanies this paper at https://doi.org/10.1038/s41598-019-47161-0.
Competing Interests: The authors declare no competing interests.
Publisher’s note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and
institutional affiliations.
Open Access This article is licensed under a Creative Commons Attribution 4.0 International
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or
format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons license, and indicate if changes were made. The images or other third party material in this
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the
material. If material is not included in the article’s Creative Commons license and your intended use is not permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
© The Author(s) 2019

Scientific Reports |

(2019) 9:10772 | https://doi.org/10.1038/s41598-019-47161-0

11

